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(7) Using Gaussian Mixture Model for Feature Selection and Pattern Recognition to Predict the Remaining
Useful Life of a Bearing
Yuan-Li Tai(National Cheng Kung University), Jun-Bin Yeh(Industrial Technology Research Institute), Wei-Cheng
Kuo(National Cheng Kung University), Wen-Ting Chang(National Taiwan University), Sheng-Mao
Chang(National Cheng Kung University), I-Chen Lee(National Cheng Kung University)

Good prognostics and health managements for bearing usually relies on obtaining meaningful features and detecting
patterns of the bearing statuses. In this study, Gaussian mixture model is applied for feature selection and pattern
recognition simultaneously. Together with the selected features and identified patterns of the training data, a quadratic
model is fitted to describe the trend of a MEWMA control chart. This model is then used for prognostics for testing data

by a three-parameter pattern matching function.



