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(7) A LSTM-based method for ETF close prediction : A case study of Taiwan stock market
Meng-Hsuan Tsai(National Cheng Kung University), Tzu-Ying Fang(National Cheng Kung University), Li-Yuan
Wang(National Cheng Kung University), Jia-Nian Chen(National Cheng Kung University), Wei-You Jhan(National
Cheng Kung University), Tzu-Ying Kuo(National Cheng Kung University), Yu-Jen Huang(National Cheng Kung
University)

Predictions on stock market prices are a great challenge due to the fact that it is an immensely complex, chaotic and
dynamic environment. There are many studies from various areas aiming to take on that challenge and Machine Learning
approaches have been the focus of many of them. Short-term price prediction on general stock using purely time series
data of stock price is the domain that currently has the worst prediction accuracy. This article studies the usage of LSTM
networks, XGBoost, and SVR to predict future trends of stock prices based on the price history, alongside with technical
and chip analysis indicators. We applied complicated models to pre-process the time series data before running ML
models. We didn’t find any works that combined these financial technical and chip indicators with machine learning
algorithms as we did. And we got better results than other papers we found in this particular problem domain. The results
that were obtained are promising, getting up to an average of 70% when predicting if the price of a particular stock is

going to go up or down by percent in the near future.



